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Each year in the .
United States, sepsis 270,000
takes more lives than deaths a year

opioids, breast cancer,

and prostate cancer

- Breast Cancer

combined.
Opioid .

Overdose

47,600 41,000

Learn the signs

at Sepsis.org.
You could save a life. Prostate Cancer

= 118,600 deaths a year

*all numbers are approximate
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Synergy Between Nurses And Automation
Could Be Key To Finding Sepsis Early

y RICHARD HARRIS « FEB

ate sepsis care at Harborview Medical Center in Seattle.
t be developing sepsis antibiotics within three hours.




INITD

e PIETI MITD




272/ 17[9@ 5

777/2/ N2




@NAS PA l Stu I-?gh Ag? ca}:dm nistrators April 2017

' PREDICTIVE ANALYSIS OF

STUDENT DATA

A Focus on Engagement and Behawor
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Big data could solve the college-dropout problem

Share this page:

Colleges have access to extraordinary amounts of data — not just on students’ academic performance, but also on their
eating habits, social life and daily routines. Administrators could use such data to identify which students are at risk of
dropping out and could then intervene to give them additional support.
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Predictive analytics refers to the use of highly sophisticate
statistical algorithms that sift through large amounts of
assorted historical data to identify notable patterns and thus
predictive future related outcomes *

| * taken from: CCRC Working Paper No. 103, by S. Klempin, M. Grant and M. Ramos (2018)
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Hervatis, V, Loe, A, Barman, L., O'Donoghue, Zary, N (2015)




Learning Analvytics in Academic Analytics in
Higher Education Higher Education
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Cross-validation 2 wim'wi 191 1INl VO 7V |IN'X

:'Inan” 1ma Vo 7Y PI'T *TTN '97 7TMN N'NA
AUC , Specificity , Sensitivity ,Accuracy

Split Dataset into Training and Test Use Training Data to Train the Model

l Pmduce Model

' \ Determine

Accuracy

Test the Model
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Accuracy Balanced Specificity
Accuracy

Random
Forest
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Sensitivity VS FPR Precision VS Recall

Sensitivity
oo 02 04 08 08 10

ROC curve PR curve
AUC =0.9360022 AUC =0.8577339
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